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Agenda

What will we learn today?

A

Background Build What's Next
e What is LangChain? e« How do | get started with e Where can | follow along?
?
o What is flow engineering? LangGraph: e Where can | get started with
.  What are LangGraph graphs, LangGraph?
state models, nodes, and
edges?
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Context

Raise your hand if you know what it is

o Chat models

e Tool calling models

e LangChain

e LangSmith

e LangChain Expression Language

» Flow Engineering
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Context

System: You are a helpful
assistant

Human: What is the capital of

« |Chat models FliEngEd

e Tool calling models Al: Paris

y LangCham Human: And what is its
. ion?

R LangSmlth population”

e LangChain Expression Language

. . Al: Paris’ population is
e Flow Engineering approximately 2.28 million
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Context

System: You are a helpful
assistant

Human: What is the capital of

e Chat models France? To?lgi:tymfo_
e |Tool calling models Al: Paris population: int
* LangCham Human: And what is its
. i f)
e LangSmith population

e LangChain Expression Language

e Flow Engineering Citylnfo: {"population”; 2280000}

DATA‘AI SUMMIT ©2024 Databricks Inc. — All rights reserved 5



Context

e Chat models

e Tool calling models

Document Text [ Embeddings S Vector

® La n g C h d | N loader Splitter o

e LangSmith
e LangChain Expression Language

» Flow Engineering

. Storage & Indexing
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Context

Develop

o Chat models

» Tool calling models - ——
« LangChain A%

e [LangSmith

e LangChain Expression Language

» Flow Engineering
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Context

e Chat models

e Tool calling models

Retriever

e LangChain
e LangSmith

e [LangChain Expression Lanquage chain = retriever | prompt | chat_model

» Flow Engineering
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Context

generate el

prompt response

e Chat models

e Tool calling models
e LangChain

e LangSmith

e LangChain Expression Language

e |Flow Engineering
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BUILD
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FLOW ENGINEERING

How to define a StateGraph

Defining State

e Which variables do you want to
track across your graph'’s
execution?

e Which intermediate artifacts
are useful for debugging?

Defining Nodes

e How can we separate our agent
logic?

* Which operations are useful to
separate in order to improve
debugging?

Connecting with Edges

e Which edges and conditional
edges should dictate our
graph’s execution?
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GRADED RETRIEVAL

A Simple Agent

Retrieve Grade

(Node) (Node) //7
Docs

Question %O — O — <><1evant?
1\ No
O

Re—-write question
(Node)

Yes
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GRADED RETRIEVAL RAG

Adding a second grader

Generate
(Node)

Retrieve Grade —= Result
(Node)  (Node) /Yes O
Docs

Question %O — O — <><1evant?
1\ No
O

Re—-write question
(Node)
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Extension:
Completing the loop

SELF-RAG

Retrieve
(Node)

T

Grade
(Node)

Question %O — O —— <><19vant7

Generate
(Node)

Yes O <> Hallucinations?

s 1

No

()
N

Yes —= Answer

No —_— <> Answers question?

Yes

No

Re—-write question
(Node)
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-E enograph sdspiverag -Lar

€« > C 23 langchain-ai.github.io/langgraph/tutorials/rag/langgraph_adaptive_rag/ * @ o O | ° g

€® LangChain  LangGraph @ Q Ssearch Gtrub

Home  Tutorials How-to Guides Conceptual Guides Reference

Tutorials

&

Intro to LangGraph

Use cases . [3 D
Chatbots > Adaptive RAG

Multi-Agent Systems >

RAG M

. Adaptive RAG is a strategy for RAG that unites (1) query analysis with (2) active
Langgraph adaptive rag i
/ self-corrective RAG.
Langgraph adaptive rag local

Langgraph agentic rag In the paper, they report query analysis to route across:
Langgraph crag « No Retrieval

Langgraph crag local
« Single-shot RAG

Langgraph self rag

Langgraph self rag local « Iterative RAG
Web R h (STORM, . . .

b Research { ) Let's build on this using LangGraph.
Planning Agents >
Reflection & Critique N In our implementation, we will route between:
Evaluation & Analysis > « Web search: for questions related to recent events
Text Mining > . . .

« Self-corrective RAG: for questions related to our index

Web Navigation

Competitive Programming e reflects
+ self-reflection

Generate

s > O rmers cstion:

R
Query Analysis Q@ — 00— ¢l
""""" e e ot | .
i Re-write question i
aiytis b seazen “Ghoae>

Question ——> (D) —> lunrelated to indexl > ) —> () —> Arswer o/ veb searcn

(addinore routes) Optional

> (O ~> .. optiomal

[optional]




WHAT 'S NEXT?
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WHAT'S NEXT

Future work

Resources to get started with LangGraph:
e LangGraph Tutorials:
e LangChain YouTube:

Where to follow along: , LangChain on LinkedIn

Coming Soon to LangGraph:
e Hosting
e More Examples

Connect with me
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https://langchain-ai.github.io/langgraph/tutorials/
https://www.youtube.com/@LangChain
https://x.com/LangChainAI
https://x.com/eyfriis
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